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Abstract

As the development and usage of
Internet keeps growing, the sheer volume of
data on the Internet makes it difficult for user
to handle. As a result, users must deal with
the information overloading problem. Even
when the amount of data keeps booming such
as hundreds of products, thousands of books,
however, the amount of transactions for each
product item will still be similar. Therefore,
the transaction data among thousands of
items and thousands of uses may form the
sparse matrix. For collaborative filtering
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recommendation, there are many researchers
proposing great methodologies to handle
user-item-matrix dataset, however, not many
researchers deal with the performance of
sparse matrix problem. This is the reason
why this research proposes a novel solution
for collaborative filtering recommendation.
The proposed method has compared to the
traditional Pearson Correlation Coefficient
method and the results show that our
proposed method is better in terms of time
efficient and precision.
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