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Abstract

As technology develops with the mobile
devices and hardware face recognition is
increasingly used in real-life applications
such as access control systems for face
recognition,  photographic  surveillance
systems, attendance systems, and
smartphones, and so on. However, there are
still some problems that have not yet been
solved completely. For example, when we
want to face recognition under the human
face is partially masked (partition match) is a
very important issue. In this paper, we will
discuss the eigenface method of face
detection. Rough Common Vector will be
used to solve this problem. The feature of
rough common vector is to reduce the
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dimension of training data and extract
important data, then analysis it. This article
will use the AR face database for
experiments, when the face with shelter cases,
evaluate the accuracy through our method.
The accuracy of partial match can be 87% in
this paper.

Keywords: rough common vector; face
recognition; linear discriminant analysis;
principal component analysis.
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Algorithm RCVPT
Input I, W, M and | is the Image, W is the
weights, M is the Matrix.
Output M
1. Calculate RCV of |
2. partition linto I;to I, equally
3. Calculate RCV;_4 0f 114
4. Calculate distance between RCV, RCV 4
and all DB index and distance is d, d;-4
5. Forx=1~4
If d, > T then
RCVPT(l,, W/4)
Else
select label Z, where Z is the face
label in DB
and distance between Z and I is d

6. M[Z]=M[Z]+W
7. Return M
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