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Abstract: The rapid development of the Internet
has brought great convenience to the users, but also
brought a lot of troubles to the users' information
privacy exposure. This paper selects the basic
information of 100 users on FACEBOOK social
media for cluster analysis. The data sets of users are
divided into five groups by experiment, and the
clustering results are classified and discussed.
Through the analysis of the basic information of the
users, the risk factors of the users' basic
information exposure are search. To provide users
with substantive recommendations for the healthy
development of social media to give an important

protection.

Keywords: social media; user basic information
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> set.seed(278613)

> AITKS<-kmeans(x=AIT,centers=5)

> AITKS

k-means clustering with 5 clusters of sizes 14, 3, 40, 8, 35

Cluster means:
head. portrait work background Tive  e.mail iphone birthday
0.7857143 2.000000  3.500000 1.785714 0.1428571 0.07142857 0.7500000
2 1.0000000 6.333333  5.333333 1.000000 0.0000000 0.00000000 0.3333333
3 0.7375000 0.300000 1.000000 1.300000 0.0000000 0.40000000 0.7000000
4 1.0000000 1.375000  3.000000 1.750000 0.0000000 0.00000000 O.7500000
5 0.7571429 1.771429  3.342857 1.742857 0.0000000 0.05714286 0.4571429
gender  member emotional
1 0.9285714 8.000000 0.2142857
2 1.0000000 9.666667 0.3333333
3 0.9000000 0.275000 0.1000000
4 0.7500000 15.500000 0.6250000
5 0.8000000 1.085714 0.5142857

Clustering vector:
1z1

ector
55151531155512545533351235531533355

[39] 3533353535334133533331153343533333153
[771335153455535454335534435

within cluster sum of squares by clu

[1] 112.01786 29.33333 138.46875 94 25000 275. 58571
(between_ss / total_ss = 79.1 %)

Available components:

[1] "cluster” “centers" “totss" "withinss” “tot.withinss”

[6] "betweenss™ "size"” "iter” "ifault”

(a)R K-means 4 # % %

K-Means Results

i
’
] Cluster
: |

2
3
.4
5

Principal Cormponent 2

15 0 5 0
Principal Component 1

(b) » # Bl x
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