&‘I;t:r&#

M E I
PER R PLFFAFRAFIR
Eﬁi‘ﬁ fpggﬁw‘

chihua0826 @gmail.com joviyoung@gmail.com

#&

AT g i F gk F L ad R
By i ﬁi’”‘”ﬁiﬁ. T AL W H s %
éﬂ;*ﬁt jgﬂ#—?ﬁ;};‘k;)}%l&-ﬁ Nz F@kﬁ/}{;%& o j\lﬂ;ﬁ
¢ * gz = UCI (University of California, Irvine)
#% ® & 3 E (Machine Learning Repository)#73&
%1rwﬁﬁ%?ﬁﬁjéﬁﬁﬁ’%i6%
B A< (¢ z Alanine aminotransferase
(GPT)~Aspartate aminotransferase (GOT) % # jix
B2 e RO A R X2 AT R
&k 55 % GOT 2 GPT & 38 35 iy 4 1*
BEHF - Y ATHS BRGNS
GPT/GOT 4= GOT/GPT % & = "% 5 ‘ﬁp‘ & ¥ 1t
Fod o { ﬁl&ﬂ?ﬁ”-& PER REl A j\;:r & i
KB S A B S B LS 2B - K
BB ATHE ~ 2 A SRS E > kT
Firfosdrc g% o FF S A4k
E o X R L F A A BEKBEB(T
GPT/GOT v GOT/GPT) » #-7 § »ui#é- Fa 5 %

23 7391% > o H s W REY 2 4 o Tt
AR B R OTROE fﬁaéﬁfﬁ T OUY R E
GPT/GOT 4v GOT/GPT £/t » 113 = &tk

TREE o

B4t - HJ’—P%T%;;[I;; A LHFE
BCE B g At o

WEFY - F

Abstract

This study focuses on the liver disease
detection and prediction models based on
biochemistry data for medical screening of
patient. The liver disorders data set of UCI
(University of California, Irvine) machine

learning repository which includes six
features (e.g., Alanine aminotransferase
(GPT) and Aspartate aminotransferase

(GOT)) is adopted to detect and predict liver
disease. Furthermore, this study considers
clinical experiences to analyze the data of
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GPT and GOT and generate two features (i.e.,
GPT/GOT and GOT/GPT) for the
improvement of liver disease detection and
prediction accuracy. For the evaluation of
machine learning methods, this study uses
and implements decision tree, random forest,
naive Bayes, support vector machine, Kk
nearest neighbors, and neural network. In
experiments, the results show that the
accuracy of liver disease detection and
prediction can be improved up to 73.91% by
using random forest with the two proposed
features (i.e., GPT/GOT and GOT/GPT).
Therefore, the two proposed features (i.e.,
GPT/GOT and GOT/GPT) can be adopted
into the liver disease detection and prediction
models for clinical trials in the future.
Keywords: Liver Disease, Artificial Intelligence,
Machine Learning, Feature Extraction, Random
Forest.
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