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Abstract

Emotion recognition is an important part in
human-computer interaction. This research is
bases on Emotion API to combine with Raspberry
Pi to build an emotion recognition system. Using
Raspberry Pi’s camera model collects user’s facial
expression. Raspberry Pi will send user’s facial
expression to a personal computer (PC), and the
PC analyzes user’s emotion by Emotion APIL
According to the result, system provides servicing
on the right way. People have various emotion,
with different emotion, human's facial expression
which contains different features. For example, if
people is happy, he will smile. If people is angry,
his brow will be squeezed. When result is happy,
system will give user bright colors and rhythm of
light music. When result is angry or sad, system
will give user soft light and some songs to soothe
emotion.

Keywords: Human-computer interaction,
Emotion API, Raspberry Pi, Emotion Recognition
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AN: 0.0026 AN: 0.0009
C0: 0.0004 C0: 0.0134
DI: 0.0025. DI:0.0010
FE: 0.0020 FE: 0.0021
HA: 0.0004 HA: 0.0013
NE: 0.9110 NE: 0.7750 .
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NE: 0.5190 NE: 0.0928
SA: 0.4200 SA: 0.0041
SU: 0.0104 . SU: 0.8990.
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