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Abstract

Data analysis is crucial for vehicle
maintenance industry as the increasing of
growth of vehicle maintenance market.
Previous study used the data mining tool
with R package to perform an association
analysis regarding the relationship between
vehicle maintenance items and expense from
statistical data. Based on the research results
of previous study, this study conducts
experiments on correction analysis to
examine failure problem with the relevant
vehicle components in further by using R
package and Weka for cross-comparison
purpose. Furthermore, we use the regression
analysis and decision tree in data mining
approaches to analyze the relationship among
main vehicle damaged components and
discover the association rules for damage
reasons to provide a reference for future
vehicle maintenance.
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> summary(testl)

ITEMName salTotal CARYEAR LASTMOVE CARFACTOR
B9 1105 min. : 0 wMin. 1 2.00 wmin. 1 15750 M 1147
A7 67 1st Qu.: 300 1st Qu.:10.00 1st Qu.: 83386 B : 79
B3 52 Median : 800 Median :11.00 Median :141002 OTHERS : 67
BG 149 Mean 1 1337 Mean :12.89  Mean 1147321 3 1 65
B7 : 40 3rd Qu.: 1550 3rd Qu.:16.00 3rd Qu.:211334 C 1 49
A6 34 max. 110000 Max. 128.00 max. 1384221 F 1 45
(other):253 (other):148
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# A tibble: 13 =% 2
CARFACTOR FEiY
A e Tal sl
L A 2107.857)
2 B _1254,557
B C 895.102|
4 D 1248, 182
5 E 1687.037
6 F 1760.000
7 G 1640.000
] H 1232.353
9 I 1841.000
10 1 1790.769
11 K 1600.000
12 M 1102. 568

13 OTHERS 1045.075
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> sur_umary(fﬁ:)

call:
Im(formula = Toglo(y) ~ loglo(x))
residuals:
Min 1q Median 3q Max

-0.63071 -0.14303 0.03867 0.17308 0.42490

coefficients:
Estimate Std. Error t value Pr{>|t|)

(Intercept) 4.46740 0.04728 94,50 <2e-16 ®%%
Togl0(x) 0.59892 0.04350 13.77 <2e-16 **%
Signif. codes: © f=#*' 0.001 **%' 0.01 **° 0.05 *." 0.1 * "1

residual standard error: 0.2108 on 598 degrees of freedom
multiple R-squared: 0.2407, Adjusted R-squared: 0.2395
F-statistic: 189.6 on 1 and 598 DF, p-value: < 2.2e-16
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Test options C

(®) Use training set
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() Cross-validation Folds 10
(_) Percentage split % 70
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=== Jummary ===

Correctly Classified Instances 251 41.8333 %
Incorrectly Classified Instances 349 58.1667 %
Kappa statistic 0.2131

Mean absolute error 0.13%

Root mean squared error 0.2636

Relative absolute error 85.3767 &

Root relative squared error 92.4795 %

Total Number of Instances 600
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Test options
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(_) Cross-validation Folds 10
I (®) Percentage split % 70 I
l More options... J
I (Mom) SalTotal I" J

Start Stop
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=== Summary ===
Correctly Classified Instances 133 73.8889 %
Incorrectly Classified Instances 47 26.1111 %
Kappa statistic 0.5078
Mean absolute error 0.0628
Boot mean squared error 0.1937
Relative absclute error 53.8457 %
Root relative sgquared error 80,0147 %
Total Number of Instances 180
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