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Abstract

020 (Online to Offline) business model
has attracted lots of attentions of enterprisers
and business people. Companies attempt to
enter the 020 market. Some scholars
considered that trust is the key factor to the
success of 020. A number of studies have
shown that consumer satisfaction will
directly affect the consumer’s trust.
Therefore, enterprises need to understand the
crucial factors of influencing consumer
satisfaction in O20 environment. In previous
studies, researchers have used questionnaires
to survey customer’s satisfaction, but, it
cannot provide instant information. In
addition, the influence of social communities
can not be underestimated in recent years.
Online user-generated content such as
consumer reviews, evaluations, have also
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become one of important information for
consumers and manufacturers. Consequently,
this study attempts to predict customer
satisfaction and discover the important
factors using decision tree (DT) from textual
reviews on social media. Hopefully, the
results can be served as a reference for
enterprises and researchers in the 020
market to improve their satisfaction and trust.

Keywords: 020, Feature selection, Satisfaction,
Decision Tree.
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