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Abstract

With the increasing popularity of the
development of the Internet applications, Internet
marketing has become major channels for new or
senior sellers. How to appealing customer’s
attention and promoting necessary commodity to
meet their demands, has become a bottleneck of
the marketing. The present study uses the Apriori
algorithm and SPADE algorithm for sequential
patterns to extract the association rules from
among item sets, discover the customer's
consumer preferences from customer transaction
records in Yahoo store to discriminate the
differences in consumer behavior among distinct
groups. In the previous study, we used the R
language as an analysis tool to analyze the
transaction data already; this study performs the
association analysis with the Weka tool and
makes double check the correctness of the
research results by comparing with that of the

previous study. Experimental results show that
the proposed approach provides business
opportunities through consumer information
analysis and appropriate marketing strategy for
sellers to create profits.

Key words: Internet marketing, Association
analysis, Sequential Patterns, Weka, R language
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