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L Abstract
Nowadays personalized learning is an
important issue and treads in computer

education. Based on learner preference and
personalized learning system were proposed
constantly. The main advantage of online
learning can provide learners in place anywhere,

at any time and at any pace. And Provide
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learners with appropriate learning materials and
effective learning tutorial. But such systems also
face some challenges. For example, the dropout
rate of online learning is about twice higher than
traditional learning. This research proposed a
personalized learning system that helps learners
improve English reading comprehension. The
systematic study of the test results import into
the Computer Adaptive Test of Item Response
Theory. The system recommended teaching
material has been calculated, and the results of
the learning process of learners and personal
preference for the recommended parameters to
help learners to improve their interest and
efficiency.
Keywords: Item Response Theory (IRT),
Personalized Learning, Reading Comprehension,

Reading Strategies
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