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Abstract

Due to wireless networks and mobile
computing technology advances, the services
provide are close to diversity and pluralism.
In mobile environments, most users will be
repeated in some cases demand inquiry,
condition servers excessive overload. In this
paper, for a similar situation, associated
overlap of mobile location and query
requirements, possess of common behavior
patterns for user to execute event clustering,
and import content-based filtering event
recommender, according to top preference
assist users perk junk information and filter
out important messages.
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