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Abstract

In this paper, we use the Support Vector
Machine(SVM) method of recognition the
ambulance siren, and used to determine whether
the high and low frequency characteristics of
ambulance signal to achieve an ambulance siren
sound recognition system. Firstly, in recognition
process will be divided into the training process
and the identification process, in training process,
we extracting the clean sound of ambulance siren,
and the signal through frame processing, fast
fourier transform and band-pass filters,
respectively, filter the high frequency of 900Hz
to 1000 Hz and low frequency of 650Hz to
750Hz, and use the signal of high frequency and
low frequency as the voice -characteristics
combined with Support Vector Machine to get a
classification model. Then, in identification

process that the computer receives of an
ambulance siren signal, we judge by
classification model to determine the signal
whether of the ambulance siren signal. Finally, in
our experiments show that an ambulance distance
of 40 meter, the system still has 95% recognition
accuracy.

Keywords: Support Vector Machine, ambulance
siren sound, frame processing, fast fourier
transform, filter.
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