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Abstract

In this paper, we proposed a disparity
estimation scheme using block matching. The
proposed method is composed of pre-processing,
pixel-based disparity estimation, and disparity
refinement. In the pre-processing, two procedures,
color transform and edge detection, are
performed. To perform disparity estimation, a
cost function based on normalized cross
correlation as well as color and spatial features is
developed and used as a measurement in the
proposed disparity estimation method. In
disparity refinement, the disparity values in
occlusion regions are estimated. According to
experimental results, our proposed scheme can
perform disparity estimation well.

Keywords: Stereo  Matching,  disparity

estimation.
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i a e £ % PSNR(dB) | RMSE(pixel)
Cones NCC 27. 07 5. 40
SAD 30. 98 6.18
Proposed 30. 03 4.09
Taddy NCC 27. 68 6. 15
SAD 33.27 6. 71
Proposed 32. 22 4. 44

4 3 LWAEFER2L PBM A4

it -k + 1 +2 +3 +4 +5
Cones NCC 85. 12 49.29 14.16 7.45 6.84
SAD 84. 06 51.79 21.36 14.49 12.58

Proposed | 83.63 49.91 16.36 8.31 6.46

Taddy NCC 76.57 31.59 14.11 11.86 10.62
SAD 75. 75 35.15 20.60 17.20 15.23

Proposed | 714.68 31.31 13.75 9.62 7.33




