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Abstract

With the popularization of information
technology, business and institutions have
too much information leading to the rapidly
accumulated digital documents. Automated
text categorization has attracted universal
attention. Thus the emergence of specialized
file classification system, there are four main
steps: (1) data selection and word processing,
(2) Key words capture, (3) feature selection,
(4) classifiers. Therefore, we will use this
mechanism as the basis for information
retrieval using TFIDF, multiplied by the
depth of this research. The vocabulary carries
out the correlation of the measure. Finally,
Supervised Learning Network is used to train
the processing documents. We can
get classification results, after wuse the
classification accuracy assessment of the
effectiveness calculation.
Keywords:  Ontology, TFIDF,
Classification, Neural Networks
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