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Abstract

This thesis attempts to extract concepts
from a corpus, each of which is defined as a
collection of keywords in documents, and
conduct document clustering on the basis of the
extracted concepts. The first process is applying
a clustering algorithm on keywords of all
documents, and the result clusters can represents
concepts of these documents. Second, using a
vector to represent a document, and each
element of this vector is the similarity between

the document and a concept. Third, documents
are clustered according to the vectors.
Furthermore, citations between documents are
used to construct documents connections. These
connections are used for discovering group
relations and concept relations. Besides, several
experiments with CiteSeer documents are
performed show that concepts extracted by our
method can not only clearly represent each
group, but also achieve good clustering accuracy,
which is about 80%.

Keywords : Document Clustering, Keyword
Clustering, Concept Extraction, Topic Keyword,
Visualization, Citation.
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