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Algorithm 1: RFCM algorithm

Step 1) Set value of m satisfying 1<m<oo,
Use fuzzy clustering algorithm
proposed in section 2 to calculate
initial cluster centers vy,
k=12...c.

Step 2) Calculate the membership matrix
of U by Equation (8).

Step 3) Update fuzzy cluster centers using
Equation (7).

Step 4) Calculate the objective function
value by Equation (5). Stop if
either the value is below a certain
tolerance value or its
improvement over previous
iteration is below a certain
threshold.

Step  Go to step 2.
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