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Abstract

In order to find a way to substitute
manpower, many research labs have focused on
the high-tech robot domain for many years.
Nowadays, there are many robots with the ability
to complete the motion by giving them an order
that accompany with existed experiential rules
and regular behavioral patterns. But in this way,
when a robot has to change its function, there
always comes the inefficiency incurred by
reprogramming, chip redesigning and even
resetting the robot. If the robot can understand
the new movement by learning through A.L,
instead of reprogramming, it will save lots of
costs. In this paper, we discuss and implement the
issues of a new motion imitating system. It
focuses on the concept of motion analyzing and
self-learning without involving the theories of
kinetics and electrics.

Keywords : robot, self-learning, neural network.
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