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Abstract

Particle Swarm Optimization (PSO) is a
popular optimize search method that inspire by
the swarming of biological populations in recent
years. PSO is similar to the Genetic Algorithm
(GA) in the sense that both are population-based
search method. Since the two methods are
supposed to find a solution to given objective
function but employ different procedure and
computational effort, it’s appropriate to compare
their implementation. The disadvantage of the
GA is its expensive computational cost. This
paper attempts to examine that PSO has the
same efficiency as the GA but with better
computational efficiency. The problem area of
the PSO and GA chosen is faculty-course
assignment problem (as used in the university).

Keywords: particle swarm optimization, genetic
algorithm, course assignment.
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