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Abstract

In this research, we study the faculty course
assignment problem (FCAP). The FCAP is
different from the timetabling problem (TP)
discussed in the literature. The timetabling
problems deal with how to assign courses in a
semester to certain time-slots satisfying different
resources constraints, and the faculty-course
assignment problems deal with how to assign
course to teachers regarding to teachers’
preference, the fair distribution of teaching load
and teachers’ qualifications.

From literature, FCAP is always been
considered as constraints in TP study or not at all,
only a few papers study it independently. In this
research, we apply genetic algorithm to search
the optimal solution for FCAP. Using the study of
timetabling problem as a basis, and focusing on
the robustness and global search mechanism
provided by GA as the research focus. The goal is
to maximize the course assignment and teaching
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assignment satisfactory. Traditionally, genetic
coding constantly involves repair mechanism
after certain genetic operation which greatly
degrades the performance of genetic algorithm.
In this study, we propose a coding schema to
prevent it so as to enhance the performance of the
process.

Keywords: genetic algorithms,
problem, course assignment.
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Produce initial population();
Find best chromosome in population();
while(nhot terminated())
{
Generation number + 1 ;
selection();
crossover(O){
for all chromosomes in population{
randomly select two different
Chromosome() ;
randomly select crossover
position();
exchange genes to produce
offsprint();

}:
mutation(){
x = randomly select a chromosome from
population();
t = randomly select a teacher from x();
p = randomly select a gene from t();
change the gene’s value();

}:
update the best fitness value(){
For all Chromosome{
= Get Fitness value(){
Compute TAP value;
Compute cost value;
Retrun fitness value;
3
IT(F is better than current best
fitness value){
Update best fitness value;

}
}
¥
}
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